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FUTURE DIRECTIONS

Pooled Across Clusters, Random Forest Regressor (RFR) v.s. Elastic Net Findings from this study can help inform the development of more effective therapeutic interventions and
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Stressed mice are predicted to be older than non-stressed mice particularly among the PBS Older age groups are associated with the ELS condition, with the exception of P4 mice, when Special thanks to Dr. Stanley, my second reader Dr. Junier Oliva, and the CompCy Lab team
condition. On a cluster by cluster level, this was observed in 10 out of 21 clusters, with the strongest pooled across clusters. On a cluster by cluster level, this outcome of the oldest age group having the
associations among the PBS condition highest probability of ELS was observed in 6 out of 21 clusters
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